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Development of a Compact, Soft, Distributed, 3-axis Hall
Effect-based Skin Sensor: uSkin
Our dream is to have robots inside our house or office that can help us per-
forming useful manipulation tasks (handling objects/ utilizing tools). Cur-
rently, robots are still far from perfect in terms of manipulation. One of the
reasons is the lack of tactile sensing ability. Without this, robots will not have
any information related to the contact location, grasping power, and force
direction. Available tactile sensors in the market have some problems that
make the implementation of tactile sensing for robots be difficult. Those
problems are the rigid body, lack of shear forces information, low density
of sensing points, and bulky hardware & electronics. Additionally, they are
not affordable and the maintenance can be difficult.
This thesis will propose a method for developing uSkin, a tactile sensor
that can cover many robot parts (skin sensor). uSkin achieved something
that other skin sensors could not achieve previously: soft, 3-axis force mea-
surement, high density (4.7 mm center-to-center distance), and compact in a
single module. Despite the sensor’s ability to have these features simultane-
ously, uSkin has 1 gf - 1800 gf range, 4.6% hysteresis, 500 Hz sampling rate,
72 dB Signal to Noise Ratio (SNR), and 0.4 gf & 0.04 gf resolution for normal
& shear forces respectively. These specifications are more than enough for
manipulating everyday objects that usually are in the range of 200 - 500 g.
Moreover, the sensor is easy to produce and low cost in terms of manufac-
turing and labor effort. uSkin has been successfully mounted on the Allegro
Hand, EzGripper, and iCub’s hand for performing tasks such as object recog-
nition, slip prevention, and tactile exploration.
The current implementation is limited to non-ferromagnetic objects only.
This is because uSkin uses a Hall-Effect approach as its sensing principle.
Although magnetic objects can influence the sensor’s measurement, a com-
pensation algorithm can be implemented. For example, the earth magnetic
iv
field influenced the sensor’s reading when the orientation of uSkin changed
but could be eliminated by generating compensation values via kinematics.
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Humans have five basic senses: taste, smell, hearing, sight, and touch. Thanks
to these, human can recognize and adapt to their unstructured world. Each
sense associate to the others to give brain more information. For example,
with a sight, human can quickly estimate the location of an object and grab
it. However, without a touch sense, they will have a difficulty to maintain it
from slipping as they cannot feel the contact location and force.
There are many things that can be done by using only the sense of touch
alone. In case of there is no visible light, human can explore their world
and figure out the location of the objects by gently touching them. They
start to create a map in their mind. After they grasped an object, they can
estimate its orientation and re-positioning it. When an unknown object hit
or touched them, they can quickly react to it. These examples show a wide
range capabilities of touch sensing.
As technology becomes more advanced, people start to use automation
such as robots to save time and cost. In the future, the application will ex-
pand to pick and place objects in a warehouse and helping people in and
around home (i.e. using tools). Versatile robots need to be able to manipulate
any object for this kind of tasks. There are many competitions encouraging
people to improve manipulation performance on robots. Amazon picking
challenge and Toyota AI Ventures are some of the examples. The goal is to
make robots safer, more useful, and more affordable.
To be able to manipulate objects, robots need to be equipped with an end-
effector. The requirements can be different according to what kind of tasks
should be accomplished. For example, for picking and manipulate objects
in a warehouse, gripper seems to be enough. But for utilizing human tools,









































































4 Chapter 1. Introduction
TABLE 1.1: Comparison of different transduction technologies
for tactile sensors
Sensing principle Advantage Disadvantage

















Piezo electric • Dynamic sensing
with high sensi-
tivity
• No sensing of static
forces




• Large overall size
due to camera








• 3D sensing some-
what complex
Table 1.1 summarizes the benefits and disadvantages of various sensing
principles. In particular, for most tactile sensors it is difficult to achieve dense
































































































































































































1. Soft: Beside it can act as a damper to reduce the impact force, a de-
formable surface can also increase the grasping stability during object
manipulation. However, implementing soft materials will lead to prob-
lems such as hysteresis, causing measurement inaccuracies. Research
on characterizing the crosstalk and hysteresis as well as how to reduce
them will be conducted.
2. Measure normal and shear forces (3-axis). Although many skin sen-
sors were successfully mounted on robots, only a few that can mea-
sure distributed 3-axis force. Shear (tangential) force can give more di-
rect information such as the direction of the force and objects contour
shape. Usually, achieving 3-axis with high spatial density will increase
the overall size of the sensor itself. Therefore, the sensor and robot part
usually must be integrated as one module (i.e. robot fingertip). A tactile
sensor that can cover most of the robot parts (skin sensor) is preferable
to avoid modification or replacing robot parts that are already available
in the market.
3. Providing rich information (high density): The sensor will be devel-
oped to have a subcentimeter spatial density. By having distributed
dense sensors, the contact location and geometry information can be
more accurate.
4. Efficient implementation of distributed sensing (compact). Distributed
sensors with many sensing elements typically cause integration prob-
lems that should be avoided. For example, the Sugano Laboratory has
been developing the human-symbiotic robot Twendy-One since 2007.
This humanoid robot has sophisticated hands covered with distributed
soft skin sensor. It has 241 1-axis tactile sensors on each hand in to-
tal. Thanks to this sensor, Twendy-One could manipulate small objects
such as straw and recognize multiple objects. However, large-scale tac-
tile arrays usually correlated to an increasing number of wires used
for delivering the data. Secondly, the analog measurements are con-
verted to digital signals by relatively large sized additional electronics,
that should be located close to the sensing site, and therefore further
increase the space and weight requirements of the complete sensing
system. These issues will also result in a high maintenance cost and
labor effort. I2C connection will be implemented so that it can be easily







































































16 Chapter 1. Introduction
The idea is by using a permanent magnet to change the magnetic field sur-
rounding the magnetometer (transducer). A small permanent magnet is im-
planted inside a soft structure such as silicon, floating above the transducer.
When the surface of the uSkin is pressed, the permanent magnet will dis-
place according to the force vector. This will cause changes in x, y, and z-axis
of transducer’s reading. Later this value can be converted into force or pres-
sure through a calibration process. As the output of MLX90393 is already
digital, an amplifier and ADC unit are not required. Moreover, this chip can
communicate to a microcontroller through an I2C (Inter-Integrated Circuit)
interface.
1.5.2 Chapter 3
In Chapter 3, uSkin with distributed sensing elements and its new structure
will be shown. The transducer was successfully distributed every 4.7 mm. In
a 25 x 25 mm area, 16 x 3-axis force data can be measured. The thickness can
be reduced to 4 mm overall, reasonable enough to cover robot parts. Each
module’s measurements will be collected using a small microcontroller that
can be daisy-chained through a CAN (Controller Area Network) protocol.
Only one microcontroller needs to be connected to the main PC to read all
sensor measurements. As a result, the number of final output wires that need
to be used for communication is only 4.
In previous chapter, uSkin was developed using a simple, bulk structure.
Because of this, there is no room for compression inside the silicon. When
the sensor is pressed with a perpendicular force (normal force) to its surface,
permanent magnets inside the silicone will also displace sideways. These
uncontrollable movements are mistakenly detected as shear forces, affecting
the x and y-axis measurements called a crosstalk effect. To reduce this effect,
a new structure with an air gap was developed. Material selection is im-
portant to maintain the structure and reducing the hysteresis. For example,
using too soft material will make the magnets attracting each other, deform-
ing the whole structure. Using too hard material will reduce the sensitivity
in shear forces measurement.
1.5.3 Chapter 4
In Chapter 4, the implementation of uSkin will be shown. This chapter will
show that uSkin can be mounted on different robots to perform multiple
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tasks. For example, uSkin was successfully mounted on the iCub, a hu-
manoid robot developed by IIT (Istituto Italiano di Tecnologia) performing
an object shape exploration task. Moreover, uSkin can also be mounted on
commercially available robot hands/grippers, the Allegro hand and EzGrip-
per for performing reactive grasping such as slip prevention.
1.5.4 Chapter 5
Chapter 5 will draw a conclusion, future works, and discussion. Although
the sensor can be successfully developed, current implementation is limited
to manipulation for non-magnetic materials. However, compensating mag-
netic influences is possible. For example, by having one sensor that does not
measure displacements of a permanent magnet, the environmental of mag-
netic field can be detected. uSkin was initially developed to meet criteria for
dexterous manipulation. But, the technology can also be implemented for
covering other robot parts such as arm, torso, and legs. It can also be used
for covering prosthetic limbs to help disabled people regain their ability to




Hall-effect Based Skin Sensor
2.1 Background
This chapter presents an easy means to produce a 3-axis Hall effect–based
skin sensor for robotic applications. It uses an off-the-shelf chip and is phys-
ically small and provides digital output. Furthermore, the sensor has a soft
exterior for safe interactions with the environment; in particular it uses soft
silicone with about an 8 mm thickness. Tests were performed to evaluate
the drift due to temperature changes, and a compensation using the integral
temperature sensor was implemented. Furthermore, the hysteresis and the
crosstalk between the 3-axis measurements were evaluated. The sensor is
able to detect minimal forces of about 1 gf. The sensor was calibrated and re-
sults with total forces up to 1450 gf in the normal and tangential directions of
the sensor are presented. The test revealed that the sensor is able to measure
the different components of the force vector.
2.2 Objective
The objectives of this chapter are:
1. Present an efficient way to produce a 3-axis Hall Effect–based skin sen-
sor for robotic applications.
2. Discover the characteristics of the sensor and determine whether the

























2.3. Sensor Description 21
mm x 2.5 mm x 1.7 mm. After the first layer of silicone has cured, the magnet
is placed inside the hole, and more liquid silicone rubber is used to cover it.
The silicone layer above the PCB is 8 mm thick overall, with the small magnet
covered by approximately 2 mm of silicone, as in Fig 2.3. In my experiments
there was a good bond between the first and second layer of silicone. The
silicone covers an area of 55 mm x 55 mm.
FIGURE 2.2: The molding process: (a) Liquid silicone rubber
was poured into the molding cast; (b) A small magnet was
placed inside the hole; (c) More liquid silicone rubber was
poured above the first layer to cover the small magnet.
FIGURE 2.3: The prototype of the Hall effect-based skin sensor.
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2.4 Sensor Characterization Method
Three experiments were conducted to understand the characteristics of the
sensor. This section explains the experimental setups and procedures that
were used during the tests.
2.4.1 Temperature Drift Test
This test studies the effect of thermal drift on the sensor reading. The skin
sensor was placed inside an oven along with a Sparkfun TMP102, which is
an I2C temperature sensor for measuring the temperature inside the oven
during the test. The MLX90393 chip also includes a temperature sensor. The
experiment started with the room temperature of 27◦ C, then the sensor was
heated up until the skin sensor reached 40◦ C. Afterwards, the oven was
turned off and the door of the oven was opened to let the temperature drop
to around 30◦ C. The temperature value and the skin sensor’s readouts were
recorded using Arduino Due, stored in an SD (secure digital) card.
2.4.2 Hysteresis Test
A viscoelastic material such as silicone can introduce hysteresis in the sen-
sor’s force measurements. To evaluate the hysteresis, the skin sensor was
placed on top of an acrylic platform table tilted 45 degrees in the y-axis di-
rection. The sensor was pushed for 5 min with a load of 1450 gf (the maxi-
mum load that the experimental setup can achieve). To perform this, a voice
coil motor (VM5050-190 from Geeplus), a linear bushing, an aluminum shaft
adapter, a six-axis force/torque (F/T) sensor (Nano 1.5/1.5 from BL Au-
totech) for monitoring the pushing force during the experiment, and a 30 x 30
mm acrylic push plate, which is used to push on the proposed sensor, were
utilized. The configuration for this test can be seen in Fig. 2.4. Two micro-
controllers were required due to the different input voltage of my sensor (3.3
V) and the F/T sensor (5 V). The data from both sensors were recorded into
the SD cards installed on Arduino Due and Uno with the synchronized sam-
pling rate of 100 Hz in my experiments (the maximum sampling rate of the
Hall effect sensor is about 240 Hz to measure all three axes). Finally, the voice
coil motor applied no force on the sensor for one minute, and afterwards the
acrylic push plate was retracted. The silicone is sticky, and therefore a force
in the minus z direction is recorded when the acrylic push plate is removed.
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FIGURE 2.4: Experiment setup used in this section. The right
side shows the addition of the adjustable angle tilt stage and
the angle push plate, in particular the 30-degree setup where
the stage is adjusted to 30 degrees and the 30-degree push plate
is used.
2.4.3 Load Test
To calibrate the sensor and to evaluate its capability of tri-axial force mea-
surement, two experiments were conducted. The first experiment was a nor-
mal force test where multiple magnitudes of normal force were applied on
the sensor’s top surface. In the second experiment, the sensor was pushed
with both normal and shear force in different angles and with different force
magnitudes.
The configuration for this experiment was similar to the hysteresis test. In
the normal force experiment, the skin sensor was mounted directly on the flat
and sturdy X-Y table. In the shear force experiment, the sensor was mounted
on an adjustable angle tilt stage (Fig. 2.4). This acrylic stage was fixed to
the X-Y table. The angle can be adjusted in three different positions that are
15, 30, and 45 degrees, and corresponding acrylic push plates with the same
angles were used.
In both the normal and shear force experiments, the sensor was pushed by
the voice coil motor with a stepwise force and its magnitude was increased
every 10 seconds. The applied force was ranging from approximately 70 gf
to 1450 gf. A Savitzky-Golay filter was utilized to filter all data (polynomial
order = 4, frame size = 21). I performed the normal force test and the shear
force tests with 15, 30, and 45 degree, in four directions (+/ x/y direction).
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2.5 Results
2.5.1 Thermal Drift Evaluation
From Fig. 2.5 it can be clearly seen that the Hall effect sensor measurements
change with the changing temperature, even though the temperature change
measured by the chip was slower than the external temperature. A possible
explanation for the change in the Hall effect measurements is an expansion
of the silicone packaging with higher temperature. The test also revealed
that the sensor reading in the z-axis was the most affected by the tempera-
ture change, but also the x-axis and y-axis measurements slightly changed;
a closer look reveals that the y-axis is more affected than the x-axis. This is
in accordance with the results presented in Section 2.5.3, which show that
changes in the z-axis also affect the x-axis and y-axis, which might be due to
a slightly misaligned magnet. The graph shows that the sensor changes are
proportional to the temperature change measured by the chip, meaning that
temperature compensation can possibly be performed.
A linear regression was conducted to find the coefficient k for calibrating
the sensor’s outputs. I selected a Huber robust model for this task. The
temperature compensation was calculated as follows:
Si,T = Si − ki × ∆ST (2.1)
where:
1. i is each axis of the skin sensor (x, y and z).
2. Si and Si,T are the skin sensor readout and compensated value, respec-
tively.
3. ∆ST is the temperature change measured by the MLX90393 built-in
temperature sensor.
To evaluate the temperature compensation performance, another test was
conducted. This time, the temperature was raised to 35◦ C. Fig. 2.6 shows a
comparison between the sensor’s readout before and after the compensation
was applied. A moving average of the temperature was used for the com-
pensation. After being compensated, the z-axis maximum value was around
600 digits (over a full scale of 65,500 digits), which corresponds to 120 g in my
experiments (contact size 30 x 30 mm). Further improvements are likely pos-
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2.5.2 Hysteresis Evaluation
As expected, there is hysteresis in the sensor measurements. In the result
presented in Fig. 2.7, it took about one minute for the sensor to reach its
quasi-static state, both while loading and unloading the sensor. The x-axis,
which was not loaded, showed only a minor drift. Please note that an optimal
soft material selection was not the focus of this study, and the hysteresis can
probably be reduced with different materials, for example closed-cell foams.
FIGURE 2.7: Hysteresis characteristics of the skin sensor.
2.5.3 Load Tests and Calibration
The results from the load test can be seen in Fig. 2.8. Fig. 2.8 a,b show
the Hall effect and reference force sensor readout, respectively, when only a
normal force is applied. Even though only normal force was applied, the Hall
effect sensor also detected a magnetic field change in the y-axis. A related
effect is also described in Section 2.5.1, and I suspect that the orientation of
the small magnet was not perfectly aligned with the sensor and caused this.
Furthermore, as silicone is soft but incompressible, forces in one axis can
cause movements in another direction, as the silicone moves away from the
pressure.
Fig. 2.8 c shows the Hall effect sensor response when a 45-degree shear
force is applied in the y-axis. Even though no force was applied in the x-axis,
as can be also seen from the measurements of the reference sensor in Fig. 2.8
d, the Hall effect sensor also detected a small magnetic field change in the
x-axis direction. Furthermore, the y-axis Hall effect sensor measurements
are bigger than the z-axis measurements, even though the force in the z-axis
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was bigger. Due to this cross-talk and different magnitude of the skin sensor
response, a calibration was performed.
(a) (b)
(c) (d)
FIGURE 2.8: The sensor’s readout (a) and the corresponding
force from F/T sensor (b) when only normal force is applied;
The sensor’s readout (c) and the corresponding force from F/T
sensor (d) when 45-degree shear force is applied in the y-
direction.
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(a) (b)
(c)
FIGURE 2.9: (a) Normal force; (b) 45-degree (y-axis direction);
(c) 45-degree (x-axis direction) force calibration result. Sx,c, Sy,c
and Sz,c are the calibrated skin sensor measurements.
Different models were used to calculate the x, y and z forces from the
Hall effect sensor values, with the measurements of the six-axis F/T sensor
as the reference. To calculate the parameters for the calibration, datasets from
all angles were used. For the evaluation purpose, I used new datasets that
were not used for the calibration. Robust Huber regression was used (MAT-
LAB function LinearModel.fit); least squares regression performed nearly the
same as the robust Huber regression. A quadratic model performed better
than a linear model, as can be seen by higher R-square values in Table 2.1.
Also, a neural network (one hidden layer with 20 hidden units) was trained
with the same training data that I used for approximating the parameters of
the linear or quadratic equation. The neural network performed better for
the test case with only normal force, but overall the quadratic equation per-
formed best. The calibration result using the quadratic model is shown in
Fig. 2.9. The graphs show the comparison between the force detected using
the F/T sensor and the force calculated using the skin sensor. A good cor-
respondence between the measurements can be observed, with the biggest
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TABLE 2.1: R-squared value for the normal force and shear
force experiments.
Linear + Huber Quadratic + Huber FNN
Normal Force 0.8634 0.8925 0.9368
Shear 45 – y 0.8634 0.9418 0.8275
Shear 45 – x 0.9272 0.9744 0.9644
differences in the normal load case for the z-axis.
As a final evaluation, the minimum detectable load was evaluated. Rub-
ber weights with a diameter of about 1 cm were placed on the sensor and
it was found that a force of about 1 gf in the z-axis produced sensor mea-
surements that are higher than the observed noise of the sensor, as can be
seen in Fig. 2.10. The calibration is slightly incorrect in this case, showing a
measurement of 2 gf. This might be partially due to the different contact area
than that during the calibration. Nevertheless, it can be seen that the sensor
can already detect a 1 g weight.
FIGURE 2.10: The z-axis calibrated sensor measurements (Sz,c)
when a weight of 1 g (contact area of about 1 cm2) is placed on




































2. The temperature test shows that the skin sensor’s readout in the z-axis
direction was the one mostly affected by temperature changes (2500
digits at 34◦ C). Using a built-in temperature sensor, drift compensation
was performed, reducing about 84% of the drift. Next, the hysteresis
was evaluated. The sensor requires about one minute to reach its quasi-
static state, both while loading and unloading the sensor. Indeed there
is hysteresis in the sensor measurements, which is to be expected due to
the use of silicone, which is a viscoelastic material. After the calibration
of the sensor, when applying varying amounts of normal and shear
force, the tests showed that the sensor can measure the components
of the force vector. However, it is still difficult to determine whether
the concept will work for a distributed sensing implementation at this





uSkin with Distributed 3-axis
Sensing Elements
3.1 Background
In this chapter, uSkin that implements multi taxels will be introduced.
A good skin sensor should be able to cover not only a flat surface, but
also a multicurved surface. There are two models that have been developed
so far. The first one uses a rigid PCB for covering a flat area such as robot
phalanges. The other model is uSkin with a flexible PCB for covering multic-
urved surface such as fingertip. They were developed based on the shape of
the Allegro Hand, a commercially available robot hand from Wonik.
3.2 uSkin - Flat Module
3.2.1 Objective
In the previous chapter the prototype Hall effect sensor to measure a single 3-
axis force vector was introduced; the drift due to temperature and a compen-
sation algorithm using the integrated temperature sensor, minimal detectable
normal force, and 3-axis calibration were discussed. The current section in-
troduces sensor modules with 16 3-axis force vector measurements that are
ready for the integration in a robot hand and evaluates the distributed force
vector measurements.
In particular, the current section introduces distributed tactile sensors for
the flat phalanges of the Allegro hand. Each module is 26 mm long, 27 mm
wide and 4 mm high; each module can measure 16 force vectors with 16 3-
axis Hall effect sensors. The output of each module is digital and requires
only seven wires. The back of the sensor modules is flat so that they can be
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attached to the Allegro hand straightforwardly. The sensor modules incor-
porate silicone (2 mm – 3.5 mm thick, depending on the location); softness
for robot skin has been shown to be beneficial for safety and object handling.
Furthermore, in addition to the 16 force vector measurements, each module
also has eight 3-axis accelerometers and all 24 sensors also measure temper-
ature. Therefore, the modules also provide multimodal information. These
features expand the potential applications of this sensor for not only force
control, ensuring grasp stability and for tactile servoing, but also for classify-
ing the surface texture and enhanced tactile object recognition. This section
focuses on the Hall effect sensors to measure the distributed 3-axis force vec-




In the previous chapter I developed the first prototype of a Hall effect
based skin sensor with a single MLX90393 chip and successfully detected
normal and shear forces. A single chip can provide 3-axis magnetic data
and temperature data. A small magnet is placed above the chip, and the
movement of the magnet can be acquired by measuring the magnetic field
change, which corresponds to the 3-axis force. For the integration into a robot
hand, especially for the purpose of in-hand manipulation, a distributed force
measurement is beneficial. For this reason, I improved the skin sensor by
developing a custom PCB mounted with 16 Hall effect sensor chips. The
chips were distributed within a 26 mm x 27 mm area, placed 4.7 mm apart
from each other as shown in Fig 3.1. 16 small magnets were embedded above
the chips. A deformable material such as silicone is necessary to create a layer
between the chip and the magnet. The MLX90393 has I2C fast mode protocol
(4-wire). Each chip has a 7-bit address, and the last 2 bits can be configured
by connecting the corresponding pin to either the power source or ground.
For this reason, one data line (SDA) can share four chips at the same time.
Four SDA lines are required to acquire force measurements from 16 chips.
One module has seven cables including VCC (+3.3 V), GND, SCL, and four
SDAs for communicating with a microcontroller. I used a multiplexer or I2C
splitter with PCA95448A from BitWizard connected to the Arduino Due’s
SDA port.
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FIGURE 3.1: Conceptual design for flat module.
(2) Manufacturing Process
Fig. 3.2 shows the manufacturing process for the distributed skin sen-
sor. First, the custom PCB with 16 MLX90393 chips was placed in the middle
of a molding cast. The guidance lid (Fig. 3.2 (a)) for making 16 holes was
placed on the top of it, ensuring the holes were placed in the center of each
chip. Afterwards, enough liquid silicone rubber was poured for the silicone
to cover all the PCB and touch the lid. After the silicone had cured, the lid
was removed, leaving 16 small holes. 16 small magnets were placed inside
the holes, floating about 1mm above the chips. The magnet for the current
implementation was neodymium (grade N50) with a 1.59 mm diameter and
a 0.53 mm thickness. It had an optimal pull of 226.8 g and 729 surface gauss.
After the magnets had been placed inside the holes, more liquid silicone rub-
ber was poured to cover the magnets with silicone. The overall thickness of
the silicone layer above the PCB is 3.5 mm. Considering the thickness of the
chip (1 mm) and the magnet, the silicone has a thickness of at least 2 mm.
The prototype of the proposed sensor can be seen in Fig. 3.3.
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FIGURE 3.2: The molding process. (a) Liquid silicone rubber
was poured into the molding cast. (b) 16 small magnets were
placed inside the hole. (c) Another layer of liquid silicone rub-
ber was poured above the magnets.
FIGURE 3.3: A distributed skin sensor embedded with 16
MLX90393 chips, providing 48 force data in total.
Ecoflex Supersoft 00-30 was used as the soft material. With a shore hard-
ness of 00-30 this silicone is softer than human skin. Different materials with
different hardness could be used to tune the sensor parameters, for example
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to increase the sensitivity or increase the range. However, for this version of
the sensor I did not optimize the material. Ecoflex 00-30 provided reasonable
results regarding sensitivity and range, considering the possible application
of grasping everyday objects, which are often less than 1 kg.
Moreover, compliant skin contributes to robust object handling and safety,
as the force gets distributed over a wider area and impact forces are absorbed.
At the same time, softness causes problems for the sensor characteristics,
in particular it often leads to severe hysteresis in the sensor measurements.
Therefore, I chose a soft material on purpose, to benefit from its softness for
object handling and to be able to evaluate its negative effects for the sensor
characteristics. Ecoflex 00-30 was the softest material that I had available and
provided reasonable results. In particular, Ecoflex 00-10 is even softer, but
even after curing an oily film remains on its surface.
(3) Integration in the robot hand
The sensor modules fit on the motors that constitute the phalanges of the
fingers of the Allegro hand, as shown in Fig. 3.4. Another silicone mold
compared to the one shown in the last section was used to create the sili-
cone shown in Fig. 3.4, which surrounds the fingers of the Allegro hand.
The thickness of the sensor module including a 0.5 mm thick PCB is 4 mm.
The connections between the finger phalanges have to be made 4 mm longer
than in the original hand in order for the fingers being able to bend without
touching the sensors, thereby extending the length of the finger 12mm in to-
tal. Finally, while for the current experiments I use rather bulky electronics
to collect the I2C measurements, small sized microcontrollers are available;
for example, the microcontroller board used for the skin sensors in iCub is
about 26x18x6 mm big, can collect measurements from four I2C buses, and
is connected on a daisy chain CAN bus.
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FIGURE 3.4: An Allegro Hand integrated with my proposed
sensors (middle) and covered with skins (top).
Since a servo motor is installed in each joint, I considered that the mag-
netic field from the motor may interfere with the skin sensor readout. How-
ever, after conducting a test by activating the servo motors while the skin
sensor was mounted, the result revealed that there was no magnetic field in-
terference. The skin sensor reading was not affected by the rotation of the
motor.
3.2.3 Evaluation Method
Three experiments were conducted to evaluate the performance of the skin
sensor. In the first experiment the measurement of normal and shear force
is tested; the second experiment investigates the crosstalk between the chips.
In the third test I repeatedly push the sensor, to test it stability. SDA 1 was
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(a) (b)
(c) (d)
FIGURE 3.7: The sensor’s readout (a) and the corresponding
force from the F/T sensor (b) when shear force is applied (sen-
sor 3 SDA1).
(3) Calibration
Load was applied to the sensor by stepwise increasing and subsequently
decreasing the force on a single chip. The sensor was calibrated with data
when applying force only in the x, y or z axis, respectively. In particular,
three kinds of force (normal, shear in the x-axis, and shear in y-axis) were
applied on the top of each sensor once each, resulting in three time series
data to calibrate each Hall effect sensor. When applying force only in the z-
axis, each step lasted 5 s and the force was changed by changing the reference
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voltage of the LMD18245 in steps of 0.27 V. In total 21 steps were performed
for increasing and decreasing the force, and at step 11 the maximum force
of around 14 N was achieved. When applying force in either the x or y axis,
each step lasted 6 seconds; a longer time interval was chosen because the
force was applied manually by moving the X-Y table, which requires about 1
s. For each step, the X-Y table was moved 0.5 mm by turning the fine adjuster
knob of the X-Y table. Overall, 10 steps were performed. Each taxel was
calibrated independently. I used the MATLAB Curve Fitting ToolboxTM, and
a quadratic model with a robust Huber regression for calibrating the sensor.
I removed 15 samples before and after each load change to clean the dataset
from unwanted transient signals. I found that the prediction performance for
test data increased when cleaning the training data in such a way. For each
chip, all 3 sensor measurements are used to calculate each force in the x, y
and z-axis, therefore 6 parameters for each axis have to be calculated for each
chip.
(4) Crosstalk Test
To evaluate the magnetic field interference that can affect another Hall
effect sensor measurement while one chip is being pushed, a crosstalk test
was conducted. Bus no. 1 was selected for this experiment. A 14 N load
was applied every 1.175 mm (a fourth of the distance between two chips) in
the x-axis, starting from -4.7 mm away from the center of chip no. 1. The
force was applied for around 10 seconds for each position; I waited sufficient
between pushing at different positions to avoid the effect of hysteresis on this
experiment. Twenty positions were recorded in total. Afterward, the mean
value of the force was calculated.
(5) Repetitive Test
To evaluate the sensor reliability, I conducted a repetitive test. In this test,
I repeatedly applied a normal force of 9.8 N on top of the sensor (Chip ID 4)
for 1 second and retracted the pusher for 5 seconds in five cycles.
3.2.4 Results
(1) Calibration Result
For testing, I used data that was not used for calculating the calibration
parameters. Fig. 3.8 shows a representative result when only normal force
was applied, while Fig. 3.9 displays the calibrated sensor measurements
when also shear forces in the x-axis and y-axis were applied, respectively.
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For Fig. 3.9, the load was changed every 6 seconds: first the z-load was au-
tomatically changed every 6 seconds, and immediately afterwards for each
step the shear force was changed manually. The figures compare the mean
force measured by the F/T sensor to the mean value of the calibrated skin
sensor in the x, y, and z-axis, respectively, for every step. Also the standard
deviation (SD) for the skin sensor for each step is shown. Fig. 3.10 presents a
zoom on the x-axis and shows that the sensor is sensitive also to low forces.
FIGURE 3.8: A calibrated sensor response when normal force
applied (chip 3 SDA1).
FIGURE 3.9: A calibrated sensor response when the normal and
shear force applied (chip 4 on SDA1).
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FIGURE 3.10: A calibrated sensor response when the shear
force applied. (Sensor 4 on SDA1, x-axis only).
The calibrated skin sensor readout displays a similar value as the F/T
sensor readout. This result verifies that the skin sensor can measure normal
and shear forces. The R-squared values from the calibration results can be
seen in Table 3.1. R-squared value represents how close the data are to the
fitted regression line. The hysteresis of the normal force load test was 5.29%,
calculated using equation (3.1).
Hysteresis % =
∣∣∣∣ (Fmu − Fml)(Fmax − Fmin)
∣∣∣∣× 100% (3.1)
Fml and Fmu are the calibrated skin force values (linear interpolation of the
nearest neighbors) of the loading and unloading cycles, respectively, taken at
the midpoint force of (14 N – 0 N)/2 = 7 N. Fmin was the minimally measured
average force and Fmax the maximum measured average force.
(2) Crosstalk Evaluation Force was applied at 20 locations. Chip no. 1, 2,
3, and 4 are marked in red, blue, green, and yellow, respectively. Fig. 3.11
shows the average force value of each chip in all positions. The location of
the chip no. 1, 2, 3, and 4 is at 4.7 mm, 9.4 mm, 14.1 mm, and 18.8 mm,
respectively. It can be seen that the force in z-axis increases when the con-
tact location is closer to the magnet. In contrast, the detected force becomes
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TABLE 3.1: R-squared value for the normal force and shear
force experiments.
Linear + Huber Quadratic + Huber
Normal Force 0.9211 0.9867
Shear in x-axis 0.5286 0.9723
Shear in y-axis 0.5105 0.9836
weaker with increasing distance to the contact location. This result demon-
strates that my proposed skin sensor can detect the force contact location.
FIGURE 3.11: The average force value of individual sensor on
all positions.
At certain points, the force was measured as a negative value. It hap-
pened when the silicone material was pressed next to the corresponding
magnet. This and the sensor measurements in the x-axis are probably due
to the fact that the silicone is incompressible. Interestingly, the distance of
the two peaks in the negative z-axis corresponds to the size of the pusher
plate (12mm).
Chip no. 1 is slightly more sensitive in the negative z-axis direction and
the chip no. 2 more sensitive in the positive z-axis direction, but overall all 4
chips show a similar response pattern. The sensor calibration was performed
with less data than in the previous section (for each taxel with only 3 time
series, similar to the ones shown in Fig. 3.7 (a) and (c)), and can probably be
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Like in a human, robot fingers often have a curved shape. Therefore, a
skin sensor that can cover not only flat surfaces but also a multi-curved sur-
face is demanded. A solution could be to use a flexible PCB instead of a rigid
one. To test the validity, Section 3.3 will introduce the design, manufactur-
ing process, and the characterizations method for a curved, soft, distributed
3-axis Hall Effect-based skin sensor.
Moreover, crosstalk between the 3-axis measurements was found due to
the incompressibility of silicone. Possible sources of this problem are bulk sil-
icone structure or imprecise alignment of the magnet with the sensor. A bulk
structure was used for this version of the skin sensor, meaning that there is
no air gap or room for compression. As a result, the permanent magnet used
for changing the magnetic field surrounding the chip was displaced to side-
ways in an uncontrollable way. Another possible cause is the magnet that
is tilted. Although a calibration process can eliminate this effect, more time
will be required for calibrating a high-density sensor. For this reason, the cal-
ibration process is preferred to be avoided if possible. However, providing
training data with crosstalk information will lead to inaccuracy. For a ma-
chine learning implementation, this data will more likely severe the training
result. Therefore, the crosstalk effect between 3-axis measurement should
be eliminated by improving the hardware itself, the soft structure (silicone
layer) in this case. The improved structure for eliminating crosstalk effect
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3.3.2 Sensor Description
In this section the structure and the manufacturing process of uSkin will be
described. The whole production process is fast and effortless.
(1) Design
FIGURE 3.13: Conceptual design of uSkin for a fingertip.
Adopting the same concept introduced in the previous chapter, I designed
a new fingertip sensor with the structure that can be seen in Fig. 4.2. Here,
I am using 24 MLX90393 chips mounted on a flexible PCB (Printed Circuit
Board) (Fig. 3.14). Each MLX90393 chip can provide 3-axis magnetic data
and 1 temperature data. A single chip has a 7-bit I2C address where the last
2 bit can be configured by connecting two of the chip’s pins to either supply
voltage (VDD) or ground (VSS). As a result, one I2C bus segment (SDA) can
handle four chips at the same time. my fingertip sensor has nine electrical
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FIGURE 3.15: Fingertip molding (a) Liquid silicone rubber was
poured, and the hole maker was placed. (b) 24 small magnets
were placed inside the holes. (c) Magnets were covered with
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FIGURE 3.18: SDA and chip placement.
with the push plate. The sensor was mounted on a tiltable platform so that
the voice coil motor applied perpendicular force to the skin surface.
The average of 1 s of each measurement when the sensor was not pushed
was used as the baseline and subtracted from the measurements. Otherwise,
unfiltered sensor data was used for all experiments and is shown in the plots.
(2) Calibration
The sensor was calibrated with uSkin measurements as the input and ref-
erence sensor measurements as the target when applying force only in the
x, y or z-axis, respectively. In particular, three kinds of force (normal, shear
in the x-axis, and shear in y-axis) were applied on the top of each load cell,
resulting in three time series data to calibrate each Hall effect sensor. For the
normal force, each load cell was pushed for 4 seconds, then the pusher was
retracted (no force applied) for 1 minute to ensure that the silicone skin had
properly returned to its initial state before higher force was applied. Four
different normal forces were applied to each load cell, of around 3 N (the
voice coil motor has limitations for the lowest forces it can produce), 4 N, 5
N and 6 N. Five samples before and after each load change were removed to
clean the training dataset from unwanted transient signals. By conducting
in such a way, I found that the prediction performance for test data can be
increased. For the shear forces, I applied a constant 3 N force in the z-axis.
To apply a shear force, I manually moved the X-Y table while the sensor was
being pushed. I used a metronome to guide the timing. Every 4 seconds the
































56 Chapter 3. uSkin with Distributed 3-axis Sensing Elements
3.3.4 Results
(1) Sensor Measurements Before Calibration






















Pre-calibrate sensor's readout  




















FIGURE 3.19: uSkin’s readout and the corresponding force
from F/T sensor when only the normal force is applied (S =
sensor, F = reference sensor).
When only normal force was applied on the top of uSkin, there were also
some magnet displacements in the x-axis and y-axis (details of the orienta-
tion can be seen in Fig. 4.3). This can be seen by comparing the Hall effect
sensor response (SDA 1 chip 2) to the reference sensor (Fig. 3.19). It can be
seen that there was no force in the y-axis in the F/T sensor (Fy, marked as
green). However, a magnet displacement was measured in this axis in uSkin
(Sy, marked as green). This problem happened most likely because of the
magnet placement which is not perfectly centered, or due to the incompress-
ibility of the silicone material. For this reason, uSkin needs to be calibrated.
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(2) Response time






























FIGURE 3.20: Closer look of the response time.
The sensor’s response time can be seen in Fig. 3.20. The graph shows
that uSkin can give a response in two time steps (66 ms) after it received an
impact force. The sensor requires about one second to achieve its level state.
(3) Calibration and hysteresis
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FIGURE 3.21: Calibrated sensor response when normal force is
applied.
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FIGURE 3.22: Calibrated sensor response when shear force is
applied (x-axis only).
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FIGURE 3.23: Calibrated sensor response when shear force is
applied (y-axis only).
The normal force test data was prepared as follows. In the first four sec-
onds, the pusher was in a retracted position (no load force). In the next four
seconds, the pusher was released, touching the surface of the uSkin. After-
wards, every four seconds, using a stepwise force, I increased the load four






















































FIGURE 3.24: SNR model of the uSkin for a fingertip.
in this section) phalange are provided. The SNR value of the phalange skin
was calculated using its corresponding SNR model.
TABLE 3.2: SNR comparison value.







(5) Visualization and crosstalk
In the previous section, I showed that a load cell of uSkin can measure a
three-dimensional force vector. Here, I visualize the response vectors when
the fingertip was pressed by an object with a specific shape and various load
forces. The pusher was placed centered above chip no. 3 SDA 1. As the
pusher only covers an area in SDA 1, 4, and 5 (Fig. 4.3), I only plot the mea-
surements from these chips. The sensor was pushed perpendicularly to the
skin surface with stepwise force from around 0.5 N to 6.3 N. The resulting
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FIGURE 3.25: Response vectors when different shapes and
forces are applied on the sensor. The colors of the vectors cor-
respond to the SDAs shown in Fig. 4.3.
ten measurement vectors for each chip are shown in Fig. 3.25. The colors of
the vectors correspond to the SDAs shown in Fig. 4.3. I used different scaling
to plot the vector arrows. For the 5x35 mm rectangular and 15x5 mm square
shapes, the output of chip no. 2-4 SDA 1 were scaled down with 1/8 ratio.
For the round and 7x7 mm rectangular shapes, only the output of chip no. 3
SDA 1 was scaled down with 1/8 ratio. This is necessary to provide a clear
visualization as the pressures produced by pushers with smaller contact area
were higher. For the 5x35 mm rectangular shape, I can see that chip no. 2-4
on SDA 1 produced the most significant response. The response in chip no.
1 is low most likely because of the curved fingertip shape. Due to the curva-
ture of the fingertip, the pusher could not displace the magnet above chip no.
1. I can also see that SDA 4 and 5 measured low force vectors (red and green
arrows). Overall, the crosstalk effect produced from the magnetic field inter-
ference seems minimal and to not affect the performance of the sensor. The
15x15 mm square shape has a lower response because it has a larger contact
area compared to the rectangular shape. As for the round shape, I can see
that only chip no. 3 has a positive response. The vector arrows of chip no.
2 and 4 became negative because of the silicone skin that was being pushed
upwards. If I compare the response of the round and 7x7 mm square shapes,
there appears to be little difference. This makes sense as they have a similar
shape and the size of the pusher is less than the distance between chip no. 2
and 4. A higher spatial density would be required to easily detect the shape
of a small sized object. In conclusion, uSkin can provide force vector data that
might be used for tactile object recognition. However, the minimum shape
size that can be detected is limited by the distance of each load cell (in this
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3.4 Improved Structure and Compact Electronics
In Chapter 3.2 I introduced uSkin, a soft skin with distributed 3-axis force
sensitive elements, and a center-to-center distance between the 3-axis load
cells of 4.7 mm for the flat version. This section presents a new structure for
the distributed soft force transducer which reduces the crosstalk between the
components of the 3-axis force measurements. 3D printing the silicone struc-
ture eased the prototype production. However, the 3D printed material has
a higher hysteresis than the previously used Ecoflex. Microcontroller boards
originally developed for the skin of iCub were implemented for uSkin, in-
creasing the readout frequency and reducing the space requirements and
number of wires. The sensor was installed on iCub and successfully used
for shape exploration in Section 4.5.
3.4.1 Objective
Previously, I manufactured uSkin by embedding permanent magnets inside
bulk silicone rubber. That means the structure did not have any cavity or
room for compression. Therefore, even if only a perpendicular force was ap-
plied to the surface of the skin, the permanent magnets will also displace
sideways. As a result, severe crosstalk between the three measurement axis
will occur. A calibration procedure is necessary to address this issue. How-
ever, this process is time consuming, especially for a high-density sensor pro-
viding many measurements.
For specific applications such as for machine learning or for applications
where the direction is more important than the force value, e.g. in a joystick-
like user interface, uncalibrated data can be used. Based on this, I assume that
if the measurement axes are independent (decoupled), a calibration process
can be avoided. Even if calibrated force readings are required, independent
sensor measurements could make the calibration procedure easier, requiring
fewer calibration parameters and therefore fewer calibration data (by ignor-
ing the crosstalk between the measurement axes), even more so when com-
bined with a linear (instead of quadratic) calibration model.
This section will show a comparison between the conventional bulk struc-
ture and the new air gap structure. Additionally, a bump-like structure can
reduce the crosstalk between neighboring 3-axis measurements and can make
the assembling process easier.
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The structure of uSkin in this section consists of two different materials,
structured silicone and fabric. Naturally, this will result in different proper-
ties of the sensor. Another characterization process is necessary to discover
the new specifications of the sensor. Especially the durability of the new
structure should be tested.
Moreover, in this chapter I will use improved readout electronics, which
are smaller and allow the connection of more sensors.
Thus, the main contributions of this section are that 1) I propose a design
and evaluate the new structure of the skin, 2) reduce the overall size of the
readout electronics (i.e. microcontroller size and the number of wires) and
improve the sensor’s sampling frequency, and 3) conduct a durability test.
3.4.2 Sensor Description
This section will give a short description of the sensor, followed by a com-
parison between the previous and the new structure including its improved
readout electronics.
(1) Design
I used the same PCB layout that was previously introduced in Section 3.2
(16 MLX90393 chips with 4.7 mm of spatial distance). Sixteen permanent
magnets were embedded inside bulk silicone rubber previously, meaning
that the structure is deformable but incompressible. The major problem of
such a structure is that the movements of permanent magnets became less
independent. For example, even though only normal force is applied, per-
manent magnets will also move sideways. The crosstalk between the 3-axis
measurements was addressed in Chapter 3.2. To minimize this effect, I de-
signed a new structure that can be seen in Fig. 3.26. This new structure has
bumps and air gaps. This deformable bump-like structure can also act like
a spring. The air gap between the chip and the silicone is 1.7 mm high. The
dimension of uSkin in this section is 26x27x6.05 mm (1.7 mm thick PCB, 2.85
mm silicone including magnets and chip, and 1.5 mm fabric).
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FIGURE 3.26: Design of uSkin with improved structure.
(2) Soft Skin Manufacturing Process
Two different materials constitute the soft structure of the skin sensor
module (see Fig. 3.26). The first layer is silicone with cavities and bumps,
mounted above the PCB, printed using Agilista 2000, a 3D printer from Keyence.
I used AR-G1L as for the material. Table 3.3 provides its specification. In the
previous work, I used Ecoflex 30 and 50 from Smooth-On (shore 00-30 &
00-50). Compared to Ecoflex 50, AR-G1L is stiffer. The first reason why I
selected this material is that the thin wall of the bump-like structure can get
deformed easily if the material is too soft. For example, the weight of the
permanent magnets can already deform the structure when it was mounted
on the Ecoflex 50 structure. Additionally, more than one permanent mag-
net were distributed every 4.7 mm center-to-center distance. These perma-
nent magnets were pulling each other, deforming the silicone structure by
default. The stiffness of AR-G1L is enough to maintain the overall shape of
the structure when not loaded. Furthermore, it is still deformable and pro-
vides a reasonable force measurement range. The second reason is that a
complicated structure can be 3D printed rapidly and effortlessly compared
to molding thin silicone. The bump-like structures have small holes to place
the permanent magnets inside. To fix the magnets and prevent them from
flipping, I used a silicone glue (Sil-Poxy from Smooth-On; working time 5
minutes, cure time 12 minutes at 23◦C).
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TABLE 3.3: AR-G1L specifications
Details Unit Test AR-G1L
Shore hardness (A) - JIS K6253 35
Elongation ratio at break % JIS K6251 160
Tensile strength MPa JIS K6251 0.5-0.8
Tearing strength kg/cm JIS K6252 3.1
Density g/cm3 JIS K6268 1.03
Water absorption % JIS K7209 less than 0.4
The second layer is a fabric (Neoprene from RS Pro, RS stock no. 733-
6753, with 1.5 mm thickness) glued on the top of the silicone structure. The
glue was Power Flex, a flexible super glue from Loctite (15-30 s fixture time).
Afterward, this silicone layer covered with fabric was fixed on the PCB using
the same super glue.
FIGURE 3.27: SDA and chip placement.
(3) Improved Readout Electronics
Previously, to read 3-axis x 16 chips measurement from one uSkin mod-
ule, one Arduino Due and one I2C multiplexer are required, which is bulky.
The multiplexer is necessary because Arduino Due does not have enough I2C
data (SDA) buses. An MLX90393 chip only has a 2-bit configurable address.
Up to four chips can be daisy-chained in one data bus. To have 16 chips in
one module, they have to be split into 4 data buses. The implementation with
the multiplexer limits the maximum sampling frequency to only up to 30 Hz.
This time I reduced the overall readout electronics and increased the max-
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FIGURE 3.28: Test setup
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Mbed’s resolution is only 10-bit, it is enough to produce a step force of about
0.25 N starting from 0 N. To log the measurements from 6-axis F/T sensor
and uSkin, I used 100 Hz as the sampling rate. I removed 50 samples before
and after each force change. The average of the first second of measurements
were used to calculate the baseline of each sensor axis. No further filters were
used this time except the built-in filter in the chip.
(2) Calibration
This section describes how to convert uSkin’s raw measurements into 3-
axis force.
(i) Training set preparation
The chip 3, SDA 3 was used a representative data for this experiment.
To find the calibration parameters, five datasets consisting of input (uSkin’s
raw measurements) and target (the reference sensor’s 3-axis force measure-
ments) were provided. More specifically, these datasets are the normal force
and shear forces in +x, -x, +y and -y direction. The five datasets were com-
bined, i.e. all data was used to find the calibration parameters for all axes.
The data collection for the shear force is currently done manually and is very
time-consuming. For that reason, only one chip was investigated this time.
However, through a rough analysis, I found that some taxels could be about
twice as sensitive as others in the z-axis. Comparative analyses between the
taxels will be conducted in the future. This can be done by using a motor-
ized x-y stage to perform and to provide automated calibration. Moreover,
the sensor production (in particular gluing the textile and assembling the
permanent magnets) could be outsourced to reduce the differences between
taxels. For the normal force, I increased the force in steps of 0.5 N every 5
+ 10 seconds (5 s pushing, 10 s no contact of the pusher with skin). In total,
there are 5 different forces applied. For the +x shear force, before displacing
the table, first 3.5 N of a normal force was applied. Afterward, every 4 s the
skin sensor was displaced by 0.2 mm by manually turning the knob of the
x-y table. I applied 7 steps of shear force in total. I used the same procedure
for the other three shear forces.
(ii) Calibration methods
Methods such as curve fitting and neural network can be used to find the
calibration parameters. In my previous works, I found that the best method
for calibrating the sensor was linear regression with a quadratic model (and
the robust Huber option). However, the previous structural design of uSkin
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FIGURE 3.29: Neural network performance.
is entirely different from the one introduced here (without an air gap). The
new structure and materials introduced here may have a different response.
Therefore, several calibration methods should be compared again to find an
appropriate one for this particular design. I selected three different meth-
ods, linear regressions with and without quadratic model (both with Huber
robust option) and a feed-forward neural network (FNN) with one hidden
layer.
As for the FNN method, I divided the data into 70 % for training and
30 % for validation. I compared eight different hidden layer sizes (1, 2, 3,
4, 5, 10, 20, and 30 neurons) to investigate their performances one by one.
Each MLX90393 chip has 3-axis measurement. Therefore, one chip will have
3 FNN models, where 1 FNN model was used to calibrate one axis. The in-
puts were the raw x, y, z measurements of the chip while the target output
was either the x, y, or z-axis of the reference sensor. The parameters calcu-
lation was conducted using the Matlab Neural Network Toolbox. I selected
the BFGS quasi-Newton backpropagation algorithm where the iteration was
limited to 1000 steps.
Fig. 3.29 shows the R-squared value for the 3 axes for different number of
hidden units. New data (not included during training) collected for 3 axes in
the same fashion as the training data was used for this figure. The R-squared
value of the x-axis calibration starts to slightly decrease with more than five
hidden units while there is no significant improvement for other axes.
Table 3.4 shows the calibration performance results for all methods. New
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TABLE 3.4: R-squared comparison value.
Calibration method R-squared value
z-axis x-axis y-axis
Quadratic + Huber 0.1091 0.7158 0.4129
Linear + Huber 0.8532 0.9179 0.9028
FNN (1 HL with 5 units) 0.8420 0.9100 0.9105
data (not used for calculating the calibration parameters) collected for 3 axes
in the same way as the training set was used for this table. Compared to
the other methods, the simple linear model already provided nearly the best
results. In another preliminary experiment, I used foam as the deformable
material as it has compressibility like this new structure. Again, the linear
model provided nearly the best results in all cases. On the other hand, the
bulk silicone in Section 3.2 and 3.3 has better results when calibrated using
the quadratic model rather than the linear model. I conclude that a linear
model is adequate for a compressible structure or material, while a quadratic
model does better in the incompressible case. However, it should also be
mentioned that the R-squared values for calibrating the z-axis with the lin-
ear model for the current version of uSkin (0.8532) are comparable or even
slightly lower than in the previous works (0.8634 for the flat module with
bulk silicone and a linear model, and 0.8938 for the curved fingertip). The
hysteresis in the current sensor is higher than the previous works. This could
be the reason why the force calculation less precise in general. Subsequently,
I selected the linear model for calibrating the current version of uSkin. (3.6)
shows the calibration model.
Sj,c = aSx + bSy + cSz (3.6)
Here, Sj,c is the calibrated sensor output of axis j (x, y, or z). Sx, Sy, and
Sz are pre-calibrated skin sensor module outputs in digits. a, b, and c are the
calibration parameters calculated in MATLAB using the Statistics & Machine
Learning Toolbox.
(3) Hysteresis test
Soft material tends to have hysteresis. It is the reason why the output of
the sensor during the loading cycle can be different than during the unload-
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FIGURE 3.30: Sensor response when subject to stepwise z-axis
force with bulk silicone (top) and new structure (bottom).
result. The crosstalk between the 3-axis measurements in % decreased about
ten times less (from around 40% to around 4%).
(2) Durability
Fig. 3.31 shows the response of uSkin when the motor applied a high
load force to demonstrate its durability. There was no load in the first 5 s.
Afterward, the motor pushed uSkin with around 50 N of normal force (about
637 kPa) for 10 s. The uSkin measurement had an overflow as the distance of
the permanent magnet got too close to the chip. After uSkin was unloaded,
all axis readings gradually return towards zero. Even though uSkin received
high pressure, the sensor is still working normally.
(3) Calibration result
The calibrated z-axis measurement of uSkin can be seen in Fig. 3.32. The
response for x-axis and y-axis can be seen in Fig. 3.33 and 3.34 respectively.
Unlike the training set for the calibration parameters, in which the force was
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50 N of load was applied Unloaded
FIGURE 3.31: Overloading test.
only stepwise increasing, the force in the respective axis was stepwise in-
creased and then decreased for all three figures. Also, the data for Fig. 3.32
has no 10s breaks between the increasing z-axis force steps.



























FIGURE 3.32: Calibrated sensor response when normal force is
applied.
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FIGURE 3.33: Calibrated sensor response when shear force is
applied.




























FIGURE 3.34: Calibrated sensor response when shear force is
applied.
(4) Hysteresis evaluation
I found that the hysteresis was about 20.5 % for the z-axis, 12.2 % for the
x-axis, and 16.8 % for the y-axis. It was measured using the loading and un-







4.5 48.04 47.62 39.06
7.6 53.35 51.51 47.44
9.4 55.49 52.61 50.67
12.6 58.89 53.29 54.56
Hysteresisz-axis(%) 5.29 10 20.5
Range(N) 14 6 14
Thickness(mm) 4 4 5.85
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softer material can provide a higher sensitivity but has a lower maximum de-
tectable force as a trade-off. A wider sensing range is important to manipu-
late various daily objects. For that reason, a shore hardness of about A30 was
selected. Even though some silicone rubbers have the same stiffness level,
they may have different response characteristics such as hysteresis. This can
be seen in Fig. 3.36, where three different materials (DY, RBB, and Dragon-
Skin) were compared. As we can see, DragonSkin 30 has the lowest hystere-
sis value outperforming the others. Based on this result, DragonSkin 30 from
Smooth-On was chosen for manufacturing the air gap structure of uSkin.
FIGURE 3.36: Uncalibrated sensor response when normal force
is applied.
Initially, the outer layer covering the silicone structure was a Neoprene
fabric. The surface friction was somewhat low, resulting the shear forces were
difficult to be measured as the objects tend to slip. To increase the grasping
stability and shear forces detection, a gecko tape from 3M is selected.
3.5.3 Characterization Method
An experiment to characterize uSkin with optimized materials was conducted.
The experimental procedures are similar as in the previous section. A Nano
17 force-torque sensor is used this time as it has more force measurement
range. The maximum force generated by the voice coil motor is 18 N. All
16 chips were pressed simultaneously with a pusher that has a contact area
similar to the sensor module size. The procedure for training and validation
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is the same as in 3.4. As expected, a linear model has the best fitting to find
the calibration parameters.
3.5.4 Result
The test result can be seen in Fig. 3.37, representing one out of 16 sensors
during z-axis (normal force) load.
FIGURE 3.37: The response of uSkin with Dragon Skin mea-
sured at 50 Hz when normal force was applied. (Unit is in
Newton)
(1) Sensitivity
The sensitivity of a sensor can defined as follows:
Sensitivity = ∆S/∆F (3.9)
There are 14 load points in total (7 loading and 7 unloading), including
two where the sensor was not pushed. The differences between each load/
unload point were calculated, resulting 13 values of ∆S (uSkin) and ∆F (Ref-
erence sensor). Using equation 3.9, 13 sensitivity values were calculated then
averaged. The average value of the sensitivity is calculated as 1.1233 with a
standard deviation of 0.1785.
(2) Range
The range is the minimum and the maximum detectable forces that can
be measured by the sensor. For the minimum detectable force, a piece of
paper cut in a square shape (about 30 mm x 30 mm) was used. The shape
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is slightly bigger than the skin sensor so that it can cover the whole surface.
It was confirmed that the skin sensor could measure a 1 g of paper. For
the maximum detectable force, the highest load that can be generated by
the voice coil motor (18 N) was used for the test. Although the sensor is
not yet saturated at the maximum load, we can see that the output starts to
significantly deviate from an ideal line. As a conclusion, the current design
of uSkin has a range of 1 - 1800 gf. Further test with a higher load will be
conducted in the future to determine its saturation point.
(3) Resolution
The resolution (minimum detectable force for a given bandwidth) is cal-
culated as:
Resolution = NL/Sensitivity (3.10)
NL is the RMS noise of calibrated sensor measurement at 50 Hz when
there is no load applied. 200 samples were averaged to calculate NL. Later,
the value was found as 0.0052 N or 0.52 gf. Using the sensitivity value calcu-
lated previously, the resolution of the sensor is 0.004 N or 0.4 gf.
(4) Accuracy
The accuracy can be seen in Fig. 3.38 and was measured using equation:
Accuracy(%) = 100− |Savg/Favg|
Favg
× 100 (3.11)
where Savg and Favg are the average value of skin sensor output and reference
sensor output at one load point respectively.
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FIGURE 3.38: Sensor’s accuracy during different load forces.
Please note that the first data point when there is no load applied is re-
moved from the plot as there is no meaningful information. In overall, the
accuracy of the sensor is above 90% when more than 2 N of forces were ap-
plied.
(5) Linearity
The linearity expresses how much the sensor output value deviated from





Din(max) is the maximum input deviation and IN f .s. is the maximum, full-
scale input. By looking at Fig. 3.37, we can see that uSkin starts to deviated
from the ideal curve at around 14 N of normal force. The linearity error of
uSkin is 9.9% at around 18 N under the normal force load.
(6) Hysteresis
The hysteresis value was calculated as 4.6% using Equation 3.1, slightly
improved compared than the conventional bulk structure (5%) and about
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to achieve the optimal measurement range. Dragon Skin 30 is consid-
ered to be the best material option compared to RBB and DY as it has
the lowest hysteresis (4.6 %). Using the current design and materials,
the dynamic range of 1 gf - 1800 gf can be achieved. The accuracy of the
sensor may vary under different loads. For example, about 90% of ac-
curacy can be achieve when the sensor was loaded with normal forces
between 2 - 18 N. The sensor becomes less accurate when it measures
lower forces.
3.7 Chapter Summary
This chapter investigates the sensor’s behavior when the Hall Effect sensing
elements and permanent magnets are distributed in less than one centimeter
from center to center distance. The method introduced here such as struc-
tural design and materials selection proofs that a compact, distributed, soft,
and 3-axis skin sensor can be achieved. Furthermore, the sensor can be used
to cover many kinds of robot shapes (flat and multi-curved). The next work
that needs to be done is to proof that the sensor can be truly implemented
on robots for conducting tasks. Therefore, the next chapter will demonstrate






Tactile sensing gives us humans better perception for controlling force while
grasping and manipulating an object. Likewise, tactile sensing is also crucial
for robots to enable a robust interaction with a dynamic environment. In this
chapter, I covered an EzGripper from Sake Robotics, an Allegro Hand, and an
iCub Hand with uSkin to demonstrate the capabilities that distributed 3-axis
soft skin sensors can deliver.
I found that the earth magnetic field may influence the sensor’s readout.
Through a compensation method, I successfully nullified this effect. As the
skin sensor can also measure shear forces, I took advantage of this informa-
tion for implementing feedback control to prevent an object from slipping as
it got heavier. The gripper could grasp with a low force, but enough to pre-
vent the object from slipping. The response time of the sensor is fast, 5 ms at
200 Hz sampling frequency. The sensor is also sensitive. It could detect an
object with 5 g of weight. Meanwhile, the minimum detectable weight is 1 g.
A visualization software was also developed to enable seeing the sensor’s
response while grasping objects. Four different objects were grasped using
an EzGripper, and they produced distinctly different force visualizations. A
similar situation also occurred when an object shape exploration task was
performed using a humanoid robot iCub.
4.2 Objectives
The objectives of this chapter are:
1. To prove that uSkin can be integrated into various robots.
2. To discuss that other magnetic sources can influence the sensor yet com-
pensation is possible.
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3. To show the importance of 3-axis force data and its fast response time
for preventing objects from slipping.
4. To give an idea that the data of uSkin can be used for machine learning
purpose such as classifying object shapes.
4.3 Implementation on the Allegro Hand
In this section, I will show uSkin’s response when it is implemented on the
Allegro Hand.
4.3.1 Method
uSkin used in this section is based on the one introduced in Chapter 3.2 and
3.3. The sensor was mounted into Allegro Hand’s fingertip and phalanges.
To show the 3-axis force measurement from the sensor, a 40 s long experiment
was conducted. The sequence of the experiment can be described as follows:
1. At 0 to 10 s, there is no object grasped.
2. At 10 to 20 s, the Allegro Hand will grasp an empty plastic cup.
3. At 20 to 30s, an object with 175 g of weight will be dropped into the
cup.
4. At 30 to 40s, the Allegro Hand will release the cup.
One load cell (SDA 1 chip 2) on the fingertip will be used as a represen-
tative data. uSkin in this section can cover flat (phalange) and multi-
curved surface (fingertip). Although it shows that the shear forces in-
formation can be useful for detecting weight changes, feedback control
is still not implemented here. Therefore, the next section will demon-
strate the reactive grasping using uSkin data.
4.3.2 Result
The output of one load cell (SDA 1 chip 2) corresponding to different grasp-
ing conditions can be seen in Fig. 4.1. Initially, the Allegro Hand did not
grasp anything so there was no response from the sensor. When the hand
grabbed the cup, measurements in x, y, and z-axis changed. Later, I dropped
a 175 g heavy roll of wires into the cup, which caused a visible vibration and
the cup slightly moved due the weight of the object. The output of uSkin
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changed accordingly as shown in the plot. Finally, the cup was released and
the output of the sensor eventually returned to zero.
FIGURE 4.1: Sequential response.
4.3.3 Discussion
uSkin in this section can cover flat (phalange) and multi-curved surface (fin-
gertip). Although it shows that the shear forces information can be use-
ful for detecting weight changes, feedback control is still not implemented
here. Therefore, the next section will demonstrate the reactive grasping us-
ing uSkin data.
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4.4 Reactive Grasping
4.4.1 Hardware Description
In this section, a short description of the general working principle of the
sensor and the specifications of the gripper will be provided.
(1) Sensor
In a 27 x 28 mm area, there are 16 load cells that individually can mea-
sure 3-axis force. There are 16 small permanent magnets embedded inside
a silicone structure, floating above 16 3-axis hall-effect sensor chips. These
permanent magnets will displace in x-y-z direction corresponding to the di-
rection of the contact force or the shape of the objects. Through a calibration
process, the output of the sensor can be converted from a magnetic field (mT)
into pressure (Pa). A microcontroller is used to collect the data from the sen-
sor through I2C (inter-integrated circuits) communication and send it to the
PC via CAN (controlled area network) protocol. The communication from
the sensor module to the microcontroller requires only 7 wires, and from the
microcontroller to the PC only 4 wires, adding to the space efficiency of the
sensor system. The maximum sampling frequency I can achieve is 250 Hz
per axis.
(2) Gripper
The gripper I used in this section is an EzGripper from Sake Robotics.
The gripper is tendon driven, and its servo head needs to rotate for about
180 degrees in order to fully close the gripper. It can be connected to the PC
through serial communication. By default, the latency time of the COM port
in Microsoft Windows is 16 ms. I changed it to 1 ms so that the gripper can
provide a faster response. uSkin was attached to one side of the gripper as
shown in Fig. 4.2. I used a Python software as an interface to integrate the
sensor and gripper. The details of the gripper are provided in Table 4.1. I
mounted the gripper on a sturdy aluminum profile as shown in Fig. 4.3.
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FIGURE 4.2: uSkin mounted on the EzGripper.
FIGURE 4.3: SDA and chip placement.
TABLE 4.1: EZGripper specifications
Grasp Width 145 mm
Payload 2.5 kg - 5 kg
Gripper Weight 365 g + 35 g (mount)
Grasp Force 35 N
Servo MX-64AR from Robotis
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attached to a stationary base. For this reason, I only used the EzGripper’s
servo angle to calculate the compensation offset. The skin sensor I used in
this section has 16 load cells which individually can measure 3-axis force.
Thus, 48 offset compensation parameters are needed. To calculate these pa-
rameters, I compared several methods such as linear regression, quadratic re-
gression, and feed forward neural network (FNN) using a MATLAB Statistic
& Machine Learning and Neural Network Toolbox. In general, the first order
exponential model can already fit the training data very well. For ease of im-
plementation I used a FNN with only the servo angle as input, one neuron in
the hidden layer, and 48 outputs. The BFGS Quasi-Newton backpropagation
algorithm was used.
To train the network, I recorded 887 samples of skin sensor measurements
and servo angle from the fully opened position to fully closed position. Each
sample consists 48 axes of skin sensor data and 1 EzGripper servo angle.
The servo angle values were used as an input, while the target output is the
48 values of skin sensor’s reading. The training was limited to 1000 itera-
tions. The data was divided into 70% for training and 30% for validation.
The R-squared value of the predicted result for new independent test data
was 0.9999.
(3) Feedback Control
In this section, I evaluate the sensor’s performance in a real-time situation.
(i) Increasing Weight
In this experiment, I demonstrate that the shear forces information can
be used for increasing the grasping force to prevent the object from slipping.
The object I used for this experiment was a 37 mm diameter cylindrical plastic
bottle with a funnel attached on the top as shown in Fig. 4.4 (top). The
overall weight of the object was 15 g. After the plastic bottle was securely
gripped, I gradually increased the weight by pouring small balls inside. I
used a metronome to guide the timing for increasing the weight. The weight
was increased by about 5 g in each step.
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FIGURE 4.4: Some small pellets were poured into the cylin-
drical plastic bottle to increase its weight (top) and a 100 g of
weight was dropped into the flat plastic bottle (bottom).
(ii) Response Time
A skin sensor with fast response is crucial for a safe manipulation. In this
experiment, I investigate whether the skin sensor is fast enough to give an
immediate response to the gripper. Similar to the previous experiment, this
time I used a 43 x 43 mm plastic container with a flat surface as in Fig. 4.4
(bottom). The weight of the container is 17 g. I dropped a 100 g weight inside
the container to produce a sudden shear force change in y-axis direction.
(4) Real-time Visualization
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The visualization software was developed using a Siv3D Engine for Vi-
sual Studio 2015. The communication between the skin sensor and visualiza-
tion software was done through TCP/IP. A python server was run to trigger
the sensor and collecting all data at 100 Hz. The visualization software was
running as a client. In Fig. 4.9, 4x4 black squares represent the tactile arrays
of uSkin. In the center of each square, there is a yellow circle visualizing the
3D force. The diameter of the circle represents the amount of normal force ap-
plied and the circle displacements in x and y-axis represent the shear forces.
Four objects with different shapes (30 mm φ ball, 20 mm φ bearing, 25 x 25 x
25 mm cube, and 20 mm φ x 100 mm cylinder) were used in this experiment.
4.4.3 Result
(1) Earth Magnetic Field Compensation
Fig 4.5 (bottom) shows the graph with the compensation algorithm. As
can be seen, the external magnetic field influence generated by the earth mag-
netic field could be nullified.
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FIGURE 4.5: Skin sensor response before (top) and after com-
pensation algorithm was implemented (bottom).
(2) Feedback Control
The experiment result can be seen in Fig. 4.6. The gripper successfully
increased the normal force (Savg,z) every time a change in Savg,y was detected,
as can be seen in the graph. From this experiment I concluded that the skin
sensor was sensitive enough to detect very small weight changes.
(3) Response Time
The correlation between the skin sensor and servo motor response can be
seen in Fig. 4.7. After about 3 s, the gripper started to close until the plastic
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FIGURE 4.6: The response of the skin sensor when small balls
were poured into the plastic bottle.
container was touched. We can see that even though the orientation of the
skin sensor changed, Savg,x, Savg,y, Savg,z remained the same thanks to the
compensation algorithm explained previously. At around 12 s, the weight
was dropped. A closer look of the graph during this moment can be seen
in Fig. 4.8. Time t = 0 ms is the moment where the weight was slightly
touching the upper part of the plastic container. At t = 50 ms, a major change
in y-axis was detected. Supposedly, at this moment the weight firstly landed
at the bottom of the container. 5 ms after that, the servo motor started to
rotate for increasing the grasping force. However, the servo motor requires
130 ms to reach the goal position. EzGripper employs an MX-64AR servo
from Robotis. This servo motor has PID parameters that can be tuned for
optimization. I presume that by tuning these parameters, a faster response
from the servo motor can be possibly achieved. Meanwhile, by using the
default PID parameters and maximum speed of the motor, the slip still could
be prevented. I concluded that the new response time of my skin sensor at
200 Hz sampling rate is 5 ms. On overall response time of less than about 10
ms was also confirmed by analyzing a slow motion video. We can also see
that all axes immediately returned to zero after the object was released. The
skin sensor has a low hysteresis. In the figure we can see that x-axis change
is higher than y-axis. The reason is because during the slipping, the object
was rotating to the front as its center of gravity was shifted.
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FIGURE 4.7: Servo motor response when a 100 g of weight was
dropped











































shear force (y-axis) was detected
servo motor started to rotate
servo motor reached the goal
FIGURE 4.8: Closer look of Fig. 4.7
(4) Real-time Visualization
The sensor response can be seen in Fig. 4.9. In Fig. 4.9 (a), the chip no.
2 on SDA 2 has the most response compared to the rest. This is because the
contact area of the spherical object is very small. However, we can also see
that chip no. 1 on SDA 1 is slightly shifted from the center due to the shear
force. The responses for objects with flat surface can be seen in Fig 4.9 (b) and
(c).
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FIGURE 4.9: The skin sensor response when four different ob-
jects were grasped.
As the bearing has a hole in the middle, the outer sensors are more ac-
tive. The pressures are distributed more to the front side due to the closing
mechanism of the gripper (not parallel). This explains why the right side of
the sensor is more active. Finally, in Fig. 4.9 (d) we can see that the curva-
ture shape of the cylinder created shear forces displacing the circles to the left
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and right side. From this experiment, we can see that shear forces can give
more information such as identifying the contour of the object. Although ob-
ject classification is not the main concern of this research, this result indicates
that my skin sensor data can potentially be used for this kind of tasks.
4.4.4 Discussion
The sensor I used in this chapter is similar to the one I introduced in Chap-
ter 3.5. However, this time I integrate the sensor to EzGripper from Sake
Robotics1 and slightly adjust the shape to fit the gripper. Here, the full im-
plementation of uSkin to perform a feedback control using a servo motor
is demonstrated for the first time. Tactile sensors based on a magnetic field
sensing are usually sensitive enough to detect the earth magnetic field. There-
fore, the sensor’s measurement can change in respect to its orientation.
The main contributions of this work are that 1) I implement an algorithm
for compensating the sensor from earth magnetic field influence, 2) improve
the sensor’s sampling frequency to achieve a faster response time, 3) inte-
grate the sensor in a robot gripper and implement a slip prevention algorithm
using a distributed 3-axis skin sensor.
1https://sakerobotics.com/
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4.5 Implementation in iCub
4.5.1 Hardware Description
The PCB module covered with the skin (uSkin module presented in Section
3.4) was mounted into iCub’s hand. I used VHB, a strong double-sided sticky
tape from 3M. The thickness of this tape is about 1 mm thick. The iCub with
uSkin can be seen in Fig. 4.10.
FIGURE 4.10: Humanoid robot, iCub, and uSkin mounted on
its hand.
4.5.2 Evaluation Method
Object shapes exploration was conducted by using uSkin mounted on iCub’s
hand. iCub was configured to push objects in eight different locations with
a particular force within the optimal measurement range of the skin sensor.
I utilized a compliance control for the three shoulder joints (pitch, roll, yaw)
and on the elbow joint. A position control was implemented for other joints.
There are four objects with different shapes (named as arc, flat, wave, and
saw) used in this experiment. All objects have the same length and width (5
x 3 cm) when seen from above. Fig. 4.11 (bottom) shows the whole pushing
procedure. The overlap of the displacement is 50% of the module size, result-
ing in all chips on SDA4 will always be on top of SDA1 of the previous step.
For this reason, I remove all data from SDA1.
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FIGURE 4.11: Experimental setup for shape exploration task
(top). Illustration of exploration procedure (bottom).
4.5.3 Result
Fig. 4.12 shows the exploration results. Although the sensor measures 3-axis,
only the data from z-axis will be provided here for easier comprehensibility.
The graph shows the raw sensor measurements from eight exploration steps
for four different objects. Based on this figure, we can see that the response
from row no. 3 and 4 were the most significant. Furthermore, the result from
flat object shows that SDA 2 and 3 responded stronger than SDA 1. Perhaps,
two factors caused this phenomenon. First, when the iCub hand pushed the
object, it was not perfectly perpendicular. Second, the skin sensor was un-
calibrated, resulting in some taxels are more sensitive than others. Moreover,
the y-axis displacement shown in the plots is only indicative, as iCub has
compliance in its arms, which would explain some of the differences in the
locations of the sensor response and the corresponding object features such
as corners. Since the skin sensor has a T-shape, sometimes the edge of the
sensor module was in contact with the object. When this happened, none of
the sensors responded, which would explain the response of arc shape.
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Despite all these factors, the first three objects provided very notable re-
sults. Wave and saw shapes have a similar result, which is understandable,
as their shapes look similar. However, we can see that the saw shape has two
peaks in the 30 - 50 mm. Meanwhile, the wave shape only has one. Perhaps,
the sharp edge of the saw shape produced a higher pressure and could be
detected.
FIGURE 4.12: Shape exploration response (uncalibrated z-axis
measurements at different positions: 0 mm - SDA 4, 4.7 mm -
SDA 3, 9.4 mm - SDA 2, 14.1 mm - SDA 4 of second exploration



































This section will explain achievements from each chapter, the limitation of
this research, and possible future works.
5.2 Research achievements
This thesis presented the development of uSkin, a compact, distributed, 3-
axis soft skin sensor.
In Chapter 2, the sensor was successfully developed using MLX-90393, a
small 3D Hall Effect sensor that is commercially available from Melexis. The
manufacturing process is straightforward, making the production low cost
and efficient. A mature characterization is conducted for the first time for
such kind of tactile sensor. In Chapter 3, it was shown that the sensor can
be used for distributed 3-axis sensing with a sub-centimeter spatial density.
uSkin was develop both for flat as well as curved surfaces, in particular uSkin
sensors were also integrated in the multicurved Allegro hand fingertip.
Initially, uSkin was developed using silicone in a bulk structure, resulting
in severe crosstalk between the measurement axes due to the incompressibil-
ity of the silicone. Therefore, the air gap structure was developed and the
crosstalk could be reduced to about 4%. The structure is also like a bump
which can increase the sensitivity of the sensor to measure shear forces.
Aside from the new skin structure, I also implemented iCub’s MTB3 mi-
crocontrollers for uSkin to increase the sampling frequency, reduce the size
of the readout electronics, and to minimize the required wires.
Finally, I did first tests with uSkin mounted on an iCub, and showed that
the sensors can be used to differentiate object shapes.
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5.3 Current Limitations
As the sensor uses magnetic field changes as its sensing principle, other mag-
netic fields (including the earth magnetic field), nearby magnets, or nearby
ferromagnetic materials can influence the sensor measurements. Reference
measurements could be used to offset such influences, and I had preliminary
success with offsetting the influence of the earth magnetic field. Furthermore,
the purpose of the sensor was to grasp and manipulate everyday objects, and
most of them do not include ferromagnetic materials or magnets, and there-
fore uSkin can already be used for a wide variety of relevant objects.
5.4 Future Works
In future work I plan to calibrate all sensors using a motorized x-y stage. This
improved calibration setup could be also used for more detailed analysis of
the response of the sensor to shear forces.
Furthermore, I would like to improve the sensor’s performance such as
lowering the hysteresis and crosstalk. A proper material selection needs to
be conducted for this. Moreover, a simulation can also be done.
Currently, uSkin has 4.7 mm spatial density. However, this can be re-
duced even more by using a smaller magnetometer. For example, by using
an MMC341 (1.6x1.6x0.6 mm) from MEMSIC, a 2.4 mm spatial distance can
be possibly achieved. Therefore, in 21x26 mm area, 64 3D magnetometer
chips can be mounted.
Magnetic compensation will be implemented in the future to eliminate in-
terference from magnetic objects. Magnetic shielding could be implemented
for this. Alternatively, another reference sensor (magnetometer) can be mounted
on the skin sensor module to generate compensation parameters.
Lastly, uSkin performance for manipulating an object will also be evalu-
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